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Japanese expression of the move of Go by machine learning

SHISHIDO Takanari1,a) IKEDA Kokolo1,b) VIENNOT Simon1,c)

Abstract: Computer Go programs have recently won against professional players with a 4-stone handicap,
which is a level of strength sufficient for most amateur players. A new target for research is then to create
programs able to entertain or teach Go to human players, but communication is a major obstacle, especially
because moves in the game of Go are described by many specific terms such as Tsuke or Hane. In this
research, our goal is to make the program able to label the moves with their associated specific term. We
used machine learning to deduce the term for a move from the local patterns of stones. First, 6 strong am-
ateur Go players recorded for each move of some game records the corresponding specific term, or possibly
multiple terms, from a pre-selected list of 71 terms. Secondly, a machine learning algorithm was executed
and the performance was improved by using not only the local patterns of stones but also features specific
to the game of Go, such as changes of liberties or distances to the edge of the board. The human players
associated the same specific term to a move at a rate of 82% and our progam succeeded to achieve a similar
rate although the machine learning method was rather simple. Such derivation of the terms for moves is a
first step towards Go programs able to chat with human players during game reviews or matches.
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