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Reinforcement Learning of Game Al
Assuming Constraints on Visual Fields

TsuBasA KaTsumaTa 1®)  CHU-HSUAN Hsued 1P)  Kokoro IKEDA 1+

Abstract: While game Al research has primarily focused on improving playing skills, recent studies have
also explored the acquisition of human-like behavior. This research aims to reproduce “actions based on
visual field constraints” by implementing a dynamic visual field in reinforcement learning agents, focusing
on human visual characteristics. The proposed method introduces dynamic determination of the gaze point
and information blurring based on distance from the gaze point. In the system, the agents simultaneously
learn in-game actions and visual field movement. Experiments with simple visual field constraints in Atari
Breakout confirmed the feasibility of learning even with visual field movement. Furthermore, we observed a
tendency for improved scores in the early stages when visual field constraints were present. Future challenges
include verifying learning in more complex game environments, such as fighting games, and reproducing

actions based on visual field constraints.

Keywords: Deep Reinforcement Learning, Human-like Al, Biological Constraints
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